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Abstract

Multiple sequence alignment (MSA) is a problem in
bioinformatics. It is well studied and there is one
popular tool to solve this problem, Clustal.
However, the solution obtained from Clustal is not
optimal, it can be improved.

This work proposed using evolutionary
algorithms to improve the solution obtained from
Clustal. Three improvement operators are
introduced. The experiment data is from BAIiBASE.
The measurement of effectiveness of the proposed
method is sum-of-pair scoring.

Key-Words: multiple sequence alignment, Clustal,
evolutionary algorithms, BaliBASE
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* Best Mean
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1tvxA -345 -249 -281
319N 3. LA IIUNaNNTB NS o uR WU AT aReaB N Llay MSAEA
Data Set ClustalX MSAEA EA
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kinase 14 15 20
451c 5 5 7
laboA 2 2 3
1tvxA 1 1 1
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