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Chapter 1: Introduction
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We are drowning in data, but starving for knowledge.

Rutherford D. Rogers
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OP\ Problem Understanding
- Determine objective
- Define success criteria
- Assess situation
- Determine data mining goals
- Produce a project plan

Modelling
- Select modelling technique
- Generate test design
- Build a model
- Assess the model
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Data Understanding
- Collect initial data Evaluation
- Define success criteria - Evaluate Results
- Describe data - Review process
- Explore data - Determine next steps

- Verify data quaility

v . v
Data Preparation
- Select data Deployment
- Plan the deployment
- Clean data ) men
- Monitor and maintain
- Transform data !
- Final Report
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1AL
¢ Compag Deskpro

e [ntel Pentium Ill = 1 GHz
e RAM 256 MB
e Hard disk 20 GB
e Network Interface 10/100 Mbps
e 17-inch Monitor

wanawIs

¢ Operating System: Windows XP Professional
¢ Development Tools
e  Microsoft Visual C++

e  Microsoft Visual Basic.NET
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Step Server Client

1 CSocket m_soclListening ; CSocket m_socServerConn;

2 m_soclListening.Create(PORT); m_socServerConn.Create();

3 m_socListening.Listen();

4 m_socServerConn.Connect(m_strIP, PORT);
CSocket socClientConn;

° m_soclListening.Accept(socClientConn);

6 CSocketFile file(&socClientConn); CSocketFile file(&socServerConn);
CArchive arIn(&file, CArchive::load); CArchive arIn(&file, CArchive::load);

7 or or
CArchive arOut(&file, CArchive::store); CArchive arOut(&file, CArchive::store);
arln >> dwValue; arln >> dwValue;

8 or or
arOut << dwValue; arOut << dwValue;
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| (mslewilouren) = —P(#) log, (P (#2)) — P(rfe) log, (P (ffes))
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8 MBLNIAINITIN 2.1

TN 2.1 dredsvasdayadnivdulivadula

Name Hair Height Weight Lotion Result

Sarah Blonde Average Light No Sunburned (+)
Dana Blonde Tall Average Yes None (—)
Alex Brown Short Average Yes None (—)
Annie Blonde Short Average No Sunburned (+)
Emily Red Average Heavy No Sunburned (+)
Pete Brown Tall Heavy No None (—)
John Brown Average Heavy No None (—)
Katie Blonde Short Light Yes None (—)

a
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LWNINTIRATIALES LT NINTNADAFNLG Hair %auﬂumniagﬂﬁé’agﬂﬁ 2.3

q q

( !
Dana(-) Emity(+) Pete(-)
Annie(+) John(-)
Katie(-)

Eﬂﬁ 2.3 n’mnjal,mn“ﬂa%mmaaqmamﬁ& Hair

T ]
: (o3-S oa 3]) 3l (Lon D)2l -(on )

Tuvhnaaidoanu qmamﬁ'@'é"m:ﬁﬁhmmgmmmﬂu
Gain (Height) = 0.26 Gain (Weight) = 0.01 Gain (Lotion) = 0.34
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finanmyvesludalnuvasdanuay (Occam’s Razor) fing1iin auqmgmwé‘?uﬂdﬁﬁ
mm’ma%mﬂ‘ﬁagﬂﬁmﬁauﬁua:ﬂuamagmﬁﬁﬂdw iwmzaziu duldfiaieldinii
m’sﬁﬂLSNLﬁ'ael%wl,ﬁﬁuvlﬁmmmﬁﬂﬂ'hLamm:a@mmmwwnmzwﬁui@yam%aau NINALAY
dnldaaudsladuaastsziande ﬂ’]iéf@tﬁwmzﬁﬁwf (pre-pruning) LAZNIAALRNHAINIT
L%qu? (post-pruning) ﬁlﬂﬂﬁuvlﬁgﬂﬁ%’ma%mtﬁi

miéfﬂLﬁmjmzL’%uujﬁ,ﬁw’fmmzﬁﬁﬁéﬁiL‘%fﬂufl,l,aza%w@Tﬂﬁﬁ@?zﬂﬁﬂﬂm@"jwﬁﬂuﬂgﬂﬁ
aﬁ”ﬂafuﬁmmﬁcﬂwm@lumnmﬂLmzna;umnn'j']mmﬁﬂwaﬂmmaaﬂa;uﬁﬁa&itﬁ‘uLfiaﬁavl,iivL@T
wonupsAlisndufiesdesaaluatuuazdadulitesfitluaruidusnean’ly

nIaaliundInIEauiinansis daneifin c45  ardaldulaslidranuianaia
(error-based pruning) [Quinlan, 1993] Aavzdmsruawlidesdrdommiuluadelfidaiie
wasanTuui i lddanuRanaaiiuie I@]Uﬂ"]mmﬁ@wm@m%ﬂmauﬁuiagaﬂ&i
nafinazldadiaunuesmanszansuunlulwdes (binomial distribution) fiszeuanuLin
8&3zIMNAL CF (confidence level) na1datniidaya N filua uwaziifaya E ﬁaLﬂuﬁa;&aﬁﬁ
nguligndamialdassnunguaiulng mmmﬁmwmﬂﬁ‘[umf‘:ﬁ]z@ﬂummimﬁwvlé'lugﬂ
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miﬂs:mm@hmmﬁ@wm@ﬁm%'uiumfjal‘*ﬁﬁ'uia%laﬁleimmﬁu a:agﬂiuu‘*ﬁaﬁ’mm
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DI=) Y

NANAINTUENULEZAANAIAV LUANLANT 9T ﬁﬂ:é‘l‘(ﬂiu(ﬂﬁLﬂu@ﬂi%nﬂﬁﬂ“ﬂadi%(ﬂﬁLL@ﬂﬁﬂﬁu
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WQ“E;JLﬂﬂlﬂLf':ammaamiaummfuvl@i’aﬂﬂaﬁﬂszaﬂ%mw

o asawna aradulene Toyn (data) NIZUIUNT (process) AMWFANWUT (relation)
T#IDUWIANAA (concept)

o miﬁ’ua%aﬁ"m3ﬂﬂ’1w (graphical presentation) ?1ami{fﬂﬂ’mﬁﬂ’sﬁuadﬁﬂizﬂau
@a1l (graphical entity and graphical attribute) o ldin 90 L§1 2ANBT ¥ IWA
funiky 31979 3N Ui A9 uASUAZLN

. mil.if'flau‘famwaaé'ﬁu PYGHLE msﬁ;jwmmmmm%’mwauﬁﬂmﬁa6] 2849
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technique) iavh i TumanInuasiutayaldannaoyuuas iudu
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&ala

wnaaninadiels

o HuseBndua (effective) ;ﬂfﬁﬂuﬁinLﬁﬁiﬂﬁaﬁaﬁﬁaaﬂwsﬁwLauavl@ﬂ@m”m

e Wang (accurate) ﬁagaﬁﬁﬂLauavl,&iﬂ'nﬁﬂ'nmmmﬂﬁau anuuingudugssuin
ashomn@ia;ﬂ”ﬁ'l,umiﬂsuﬁu@hL%aﬂ%mmmaaﬁayja

o dilszBnBan (efficient) luiiiaualigraaninly am;mau%uﬁvlajﬁ%ﬂu

o HANMNEIBIIN (aesthetics)

« HAWE® (adaptable) AALAUBIANNTDINNTVDI Ei'ﬂ,ﬂﬁ%m p3tuny
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ﬂ']i?l']ﬁ]%@lﬂﬁ%?lﬂﬁ@l%l&@lﬂﬁ%elﬂ

U U I v & | { 1 v 1 Q/ v
muvl,uﬁaLﬂuIﬂsaasﬁamaaﬂsﬁwEﬂmem I@ﬂtﬂuﬂinﬁnﬂﬂIu@ﬁLauwwa@aﬁaﬂuvl@]
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a 53 a6
WIAFDALWALIFIN

A v a < acd .
A5N13138n3VaIRITaALRALIIN (Neural Network Learning)

wndazasihzeaiiaisnldunannisinesnsdnuseasadanasvasuysd lay
1 A A a & Aae a 1 6 & ~ a U as 6
wihofidesfigavesfieadiadinSuniuneiidiasen (Perceptron) Faifinyldniuizadauas
6 A a & < d,, ° v Ao a A & 6 o
voINuBiniIfiazau (neuron) nadidlaseuiiazinminniudunaduiunaaaivasiuin
3t wiandmmdnnarilasldiminuesdunaudazduandsnuauaaslugli 2.6

6 A v o o A A o et :/ L a 1
nanaf ldazgnih ldduwmdRanana (error) iiahandiushninuasdunadaly

Aetivate Funstion

gﬂﬁ' 2.6 1wasiGUasan (Perceptron)

(2
=

Iuﬂ'liL'%sungaaLwaﬁ%ﬂmauﬁm:mumiﬁm

. L’%Mﬂﬂﬂﬂﬂiﬁiuﬁﬁﬁﬂﬁﬁﬂ Wi

. Lﬁymwaﬁ%ﬂmauﬁunnﬁaaﬂwaﬁaauﬁa:ﬁa wazudlshwinidlamefisasan
LENA2BEINANANG

¢ JusnuaegsNaan auﬂizﬁaLwaie‘fmmammnéﬁazmvlﬁgnﬁmﬁ'wm

+  lumaudloshwin shwinazgniiuena Wi« wi + Awi

laofi AWi= ax(t-0)xX; = axerrorxinput {8 t 1unaawsnandas 0 1uNaaNT

U

Aleaninasirlasan waz o udfuaasdannsitoud

wasidlasewanimaniouaasszmudadulonuuiBaidu (inear decision surface)
Wi daslifia fnuuunaneTi (multilayer network) AsazamunsanaasTzmUGadulauUy
TaiBadu (non-inear decision surface) adanufisudeusnnninle Fslumnuiseiiinecls
%umau”i%uﬁﬂwsawwmfu%y'u@au‘i%‘lumn‘%wf

ufinwsaninduiiaseaifiaidsn (Backpropagation neural network) wfiai3sndisle
wanofinsouuasdldnaesu (multilayer) wazviowiuNasTudnuass (Sigmoid function) &9
Hwlastuiaasausnaragslawunlidoadu dldvanlddninneidlasamas g
Imaa%ﬁwaaLLﬁﬂWia‘wwLﬂ“ﬁ'uﬁaiamﬁmL’i%ﬂuamlugﬂﬁ' 2.7
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a = o A & ac
3‘1_]71 2.7 WUNWIBWIATUWITARLUALIIN

@ ' o & _ aec_y o & A o & a
dmadalugddmunuaaniadindewldwirununaissu SidsznaudioTudune
& a & & o & a a & a . P . s &
TuiaiauniaTudon uszTwdrine lugdusastuaiauiesmwds udonalunninieru
Ald uazidnTanazFandaidugug lddhutu ansuduwalusudaian diltudaauuinnii
4 & =4 > o & a & o ¢ & A& o &
wikTu Azavdanuly uszgarhoansudaenldsusvine WadindewluniununanoTu
=g A o oA Yy o A v A v ) ' A ' A A v oA
#azlaufiduirendounavazludiduden ludraninadgadsn nande ldididwmdananlua
& o ' ) o & a & a ' a Y
(node) lunwdviwasinduandalualutudanunioTudune luaudazluaunuiavauniiai
lunsdsuannmesihninlasdanasiuudansawinty [Rumelhart, et al., 1986]
Wi INdasdonudAanaanssaniniuiaisn E(W) annuuazwidnaniaasiiniunily

mﬁ@wmﬂﬁﬁq@ AeNNARANIIAAIH

E(W) =%z Z (tkd _Okd)z

deD keoutputs

lan?l outputs faisavasluaidrrinaluiadsn ty uaz Ok udndinadhning
o 6 AV o & aef o @ o € A o ' o A @ AR
wazidviwafnldaniadinaudduesduaidivan k- sasdnadwdin d - danaifiu

LLﬁﬂWiawwLﬂ%’m:ﬁumL:mma%ﬁmﬁfﬂﬁlﬁ@hmwm@mq@ walunydivasiiadisnilawluniin

' @
' o b 3

& g f = o = o < e
LuURATUE drdgaiivinnimiage asuudiaeuvasudansanuntuiniudrdiga
aNIZN

wandunszgunfouldluuinwsaninduiivseaiadinduieidunuuuladadu

(nonlinear function) (SanWRTUTNUBLS (Sigmoid function) (ﬁdgﬂﬁ 2.8

U7 2.8 Wardudnuand
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ﬂi&ﬂ?%ﬂ’]‘iﬂ’]iﬁﬂ%i

°ﬁ'u@1awuaonszmumiﬁwiﬁﬁmamﬁ
fwualmaisnlilunsitouiudazdataglugd <X, t >
Taan X \dudunanniaaivasiineaiiaisn,
= & 6 o a =3 Aae
T Wunneesithwusvesiiseaiaisn
n Lﬂumé’m’m’liﬁﬂuf (learning rate)
= a = -
Xji \ludunazaslua j F3ananlua i uas
& R o ) .
wji \Judniwinueslue j daanainlua i
1. 819308 asNa N ATIRTIINARINT MRUATIWINTEITOUVDILARETH
2. twuadhninGuduwuugulildnten g (Bu 12119 -0.05 9 0.05)
3. msdsuainnnasuuaanIsash
° % 1 a 6 = ¥ 53 1 A9 oA v
fmiudazunanaed (X,1) lwsadainildiEou;
* lgdat19 X uduwa imsdwismndn 0y vaInng fsonluiiaves
Wiaisn
¢ dwmdianuamaaten & vadnniiizen K ‘Lwﬁ'mmﬁvgm
O Ok(l —Ok)(tk —Ok)
¢ FuindaNNANAARaY O mamnﬁ’nau h lurudaian

Sy < 0,(1-0,) Zthé‘k

keoutputs
¢ diudnhninva s duisen Wi
Wi < Wj; + AWji

Awii = 175%ii

A o ¢ o A & Aacf . - .ge
NITIINANARVDIAILANLUYLLUDITDALWALIIN (Visualizing Neural Network Classifier)

P o g A o P & o A o kg an o o o
mituaniaddayaf ldaniveaiad inazwamn il iisnusasdoyalugudau
TurawBadsn lavazuuadn 3 Tu Ao %’u'ﬁuwm JUTALAU Lmz"fi'mmﬁv!@l AR IINTMT
wdafiadsnidu 2 szau  lasszavusnandumsiauauuuniig 9 ialiiduislaseaing

NInNAVITz UL a8 'jﬂﬁqmamﬁlﬁﬁw LLGZﬁﬂ@l&ll@ﬂ”ld 33171 2.9
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#= NEURAL NETWORK

File Yiew Help
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a @ a v &a & ag
31]"/1 29 Iﬂidﬁi']d“llﬂdﬂ%@lﬂﬂ%%'ﬁiamu@llfﬁﬂ
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WaL3sn Lwaglmma:mmwmmmaanuiuwl,i'maﬂlmmw 2 lapisnoazduafineidas
Atk

1. Fovasgmauiia

2. %amaamﬁw

3. NRUNVDILFUTOY

a I o A A o A o A ' ' o

Muazduaanduanfeonfigldmunsnifongld saluaeuninazlivaas auningls

FaININIIUTNUadue idnaziln %amaaqmauﬁ'ﬁ %a"naoﬂéju InnnYaILEToN lay
a & A A o Ao A o A a A a

ARNLUNALABNANNNGBINIT NALREN 2 @2 AB NUAzLD8AT0ITaA19 9 LAZINUAZLD LAY DY
patetie
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ARngMuazidua ldanass inalimunInadniaguaziduavasluadu e ladnedan



32

= v 6 1 1
ﬂ’lilﬁﬂ%g’tﬂﬁla £1394918

ad = v 6 . .
5N WILUVULLE (Bayesian Learning)

ad a v v Q/ 1 ) = a U a
AN UIUVLL glanannisasanuinendu lasfisuudgwiidsunawasaia
& | o ' & . . . o & o A Aad = v
auiwuagﬂumsnszmﬂmmmanﬂu (probability distribution) muum‘m@auhmmqmﬂ@

mﬂm'ﬁmezﬁmwﬂwuﬂuﬁﬁ'u*‘ﬁagaﬁﬁ']mLmﬂLLU:

aa = v 3 1 1 . . .
5N WILU D918 (Naive Bayesian Learning)

msﬁsufmﬁmh{ldmLﬂuﬁ%'ﬂ'mmﬂLmziagaﬁﬁﬂ‘i:aw%mw%%ﬁa Tagnagwin le
wufeuldiunasniansane3fufidanududeunit 15w C45 [Dougherty, Kohavi &
Sahami, 1995] mmf%sufmﬁaamciwﬁﬁ”ugmmmrmgmmLmTLwiam@mmsﬁ'usﬁauaﬂ@mz
Wnauadguiiigmaud@dng 9 vasdeyaeslidudaiu wiandldianusiziuses
iagaﬁauflumju Ci ﬁﬂﬁ%’uiﬂgaﬁﬁqmauﬂ'@ n e X={Ay...,A)} wialdayanwaiin
P(Ci| Au,.... A fa

P(A,... A|C,)xP(C,)

P(C|A.... A)= INNGVaIUE
| P(A.... A)
H P(Aj |Ci)x P(C) .
== MNENNAIUNIgMENTALGaE
P(A,.. A)

o » -
a7 luAndan

o _ad a v 6 [ 1 ¥ dAad o dydl
n'ﬁm'sﬁmsnwgwyas’m’nfhﬂ% mﬁmmmavlﬂuﬂa

1. w1 P(Ci| Ag,..., Ay) 3NNRUNNS 'luuuﬁ%m%’unﬂs] ﬂﬁju i

2. dhanlenndSouiiouns ngunildnanuizidugiganadiaay

dl QI ] 1 l&‘ [ a dl 1 wa ' ] v
nnmIfidnenueziudainsisluegivanadgiuiiguauifudazainsvastoys
IJ ' a o v A o v a wa v ] i a a L 3 '
ligudanu inldquatiowazin lldrulunsl jidldadnsladfidssiniammwenin uduann
N1INA8IV8Y Domingos LLAe Pazzani [Domingos & Pazzani, 1996] 91 eusnusziugang
Jesansnusnuszdaya ldainalledninwudauudnuliduete domeidaildiinng

Lﬂuﬁﬁauﬁﬂﬂﬂszﬂqﬂﬂfﬁumﬂ

o @ 11 {
msmiﬁ'ﬁ’agmﬂmmﬂumaLﬁm (Discretization of Continuous Values)

iagaﬁﬁﬂmL%ﬂuja]:ﬁa%iaawﬁ@ﬁa LuudaLiles (continuous) uazlsidaiiios
(discrete) IﬂUﬂﬂaéfumﬂLmzmﬁama\‘i'mmminmemz“ﬁa;&aﬁ@iaLﬁaavL@T LAINNNTNARDY
luﬁaaﬁmumLLa@ﬂﬁLﬁu"jwmiﬁﬂﬁiagaﬁ'@iaLﬁaaﬁaﬁmLﬂuLLuu"Laj@iaLﬁaariau
(discretization) fazinuNULNLYS a:"ﬁ'smﬁwmmgnﬁawaaﬁamew:vl,@T [Fayyad & Irani,
1993]
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o A

Aae A o ° ) < Y] A o & v o a < A
wddsfmnumsilddeyaduunylidaiiesdsanduiideidonidunaunlavas
v Ao ' a 1% a & o ' ) ' ' ' ' Y L.
wnddvey SnapiTlagnanduu sndregiugu Mmiudadugag Fr9azvin 9 i (Binning),
o A o P L. . Al A . @
mydwimiienlnilivesfiga (minimal  entropy), mudslagl@fianudiriniu (equal

frequency interval), ganasnu1R [Holte, 1993] 1T reeioe

a o ¢ o s 1 1 . .. - .
NIINANANVIAILSNLLAZLIUEDETIIN8 (Visualizing Naive Bayesian
Classifier)

a £ € v d' v s 6 i 1 ::l' . :;’ ua a U
mituaniaddayaf ldanndmusnuoziudadnsieaswamiazlisnuaastayalu
o @ a A « aad .
slumddusasuNu)iInaw [Becker, et al., 1997] Fuduitnlsluldsunsy MineSet a1

131N Silicon Graphics Inc.
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MIARKINYANMNTNNUD

VN (Introduction to Association Rule Discovery)

MIAUMINYANNFURUT (association rule) lugrudayavwalngfoidununaniiu
= o A @ v o ¢ a & d & '
wiklumaimlesdoys nganudunutmusadouldluztizaladiuiidumglugimale

v v '

= & L A a ) o A& ' g
Wnidunadelinngwnanmadlenzinminieaa i gndnderdousiulngjizgain
wNee NenTndawnganusunus lailu {fdony — {anua} iudn AugIuvIn iU
npaNNFNRUTLIzNauaIuieueg g twanit

(3 A Aa < & & a A & AL g A a (%
¢ walawa () Aewwanillaiunvuaduaunin delavulunioradudefud
A A P ' & P o o a o
wiaTala g Alunipiuguiiazshaniinaioug
*  paumuaazn (T) iwoadosvassalaiu lasid T c |
L3 A Aa s v a
¢ walaya (D) AswaninsuisatunnaLiuaundn

¢ InEMIINTBLTATY T msqmﬂawaﬂmﬁu X ndalla X< T

IWNTIZ Az hUII RN ANUENWUS L3
¢ NYANMNANNKS (association rule) Aangutbluzluuy X —> Y Wia X < Y,
Yclusz XNY=¢

v €

wanank nganuFuRusynngazlznavludrsdraiuaun (support) uazdIAIY
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ﬂi CUMiner Server. El

18:01:29: CUMine 0,0,5.3 “c) 2003, Chulalongkorn University, Thailand

18:01:29: Started on Wednesday, April 23, 2003
18:01:39: Client [1] fri 00,93, 153 on client's part 1556
18:01:39: [1] S=archin server

18:01:39: [1] EXIT

18:01:48: Client [2] from 161.200.93. 153 on dlient's port 1564
18:01:48: [2] Searching For the server

18:01:48: [2] EXIT

18:01:50: Client [3] fr 00,93, 153 on client's port 1567
18:01:50: [3] Yerifyirn password. ..

18:01:56: Clisnk [4] Fr 00,93, 153 on client's part 1568
18:01:56: [4] Yerifying login and password...
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E

14:41:25:
14:41:26:
14:41:26:
14:41:352:
14:41:352:
14:41:33:
14:41:45:
14:41:47:
14:41:47:
14:41:48:
14:41:48:
14:41:48:
14:41:48:
14:41:56:
14:41:59:
14:41:59:
14:42:07:

Client [1] from 161,200,93,153 on client's port 1161
[1] Searching For the serwver

[1] EXIT

Client [2] from 161.200.93, 153 on client's port 1164
Werifying login and password, ..

‘alid login

Learning decision trees. ..

---Constructing decision trees. ..

---Pruning decision trees...

---keeping the drawing information of raw tree..,
---keeping the drawing information of pruned tree. ..

ra

Learning decision trees Finished
Learning neural networks. ..
---5ending the result back to client...
Learning neural networks Finished

z
2z
2
z
Z
z
2] ---Sending the result back to client. ..
2
z
z
2z
2

Learning naive baves...
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darhmadalysunsunisdslaaieud wwdnngwiiaedisli 4.3 duaed
0] x|

ﬂ.; CUMiner
File Conmection Help

Server Conneckion
Status:  Connecked FiEEaEs IM'nE Data I

'IDP’ . ;E:'SU'D' ! @t Pro e Attributes
ark:
e alli— Select the attribute bo use then click on Update Attributes |

Selected Attributes Ci\Document. . \allbypo.names the button ko make changes.

p= —~ gtg“”"‘e”ts "'ﬁ"'ﬂﬁm'd?tat Attribute [ attribute Values -

sex PG Ehoolfel I lRlet =S age conkinuous

on thyroxine Total Clas_ses: . 5 e M,F

query an thyraxine Tatal Attributes: 29 e A

on antithyroid medication Cases(Train): 2800 on thyraxine .

sick Cases(Test): a7z query on thyraxine f,E

pregnant Ignore: 1] on antithyroid medic... ft

thyroid surgery Discrete: z2 sick fb

1131 treakment Conkinuous: 7

query hypothyroid ' pregnant s

lc_]glfry hyperthyroid Classes thyroid surgery f,k

ithium .

acitre hypothryraid _ 151 treatment _ [

Fumor prirmary hvtDEtEvroutﬂh a query hypothyroid f,t -

- compensated hypothyroi v
E:E'?'Eltu'tary secondary hypothyraid FIJ?FY hyperthy... :’t
- negative ILhidrm )

TSH measured _I quitre b
Trained Data e f b

13:00] Raw Tres (allhwpo A el e hvpopituitary fe

13:00] Pruned Tree (allbypa) ey — | pswch f,E

T5H measured fk -
Attribute Histogramm I :T - ” | » |
13:00:17; Already connected to the server ;I
15:00:17: Connect to 127.0.0.1 on server's port 2545

Select the result ta delete then
click on the button.

Delete the resul: |

1 : Sending data ko server...

1 Learning decision ktrees. ..

1 : Learning decision trees finished j
-
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Recards | Mine Data |

Dakaset Properties —————  Attributes
Mame: - allfrypo Select the attribute to use then click on Update Attributes |
Ch\Document. . yallhypl 5 the button to make changes.
Ci\Documents .. \allypo. data Attribute [ attribate Values -
C\Documents a. .. \allhypo, test age TR
Total Classes: 5
W]
Total Attributes: 29 S M.F
Cases(Train): 500 an thyroxine f.k
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turnor f,E
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100 %
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Wisualization 1131 treatment

77\
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button to see the result, Assy

Murnber Tested: 972
a0e “\ 4
Murnber Correct: 967

SEN

Percent Correct: 99,49 9% i
on thyroxine

query on thyroxine
on antithyroid me. ..
sick,

pregnant
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S 5 ) query hypothyroid
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¢ |8an318n3 File->Load Training Data... ((g]g‘ﬂﬁ 4.6 Uiznay)

File Conneckion Help

Load Training Data...  Chrl+0
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Exit k-3

U7 4.6 MunImasudayanlslunaGou

+ azunngndesldaauiialiladevas Iwdde IwadayanltlunisGoui usz
Inddayanltluninasen anvlaTaveslndindasdoniny wianatly ... e

\anlWafidasmaesgiln 4.7

Marme File:
| CADocuments and Settings'l,F‘rasertsak‘l,Desktnp'l,Data'l,alIhypu:u'l,allh';.fpcu.nam@

Train File:

I CADocuments and Settings'l,F‘rasertsak‘l,Desktnp'l,Data'l,alIhypu:u'l,allh';.fpcu.dat@ @

Test File:

I CADocuments and Settings'l,F‘rasertsak‘l,Desktnp'l,Data'l,alIhypu:u'l,allh';.fpcu.test@ _@

(0] 4 | Cancel |

U7 4.7 ndasldneuiiaTudoyanildlunaFou

'
A '

. Lﬁaﬂ@ﬂqu OK 7insadldaay Iﬂmmm:dm‘*ﬂ’agammﬁfmiﬂm FI0719 b7
v K% a 1 d' 1 v a % & ‘:/ a
nawnudmn idtaysfivwalng Wedudayamaiouiaiadiu Moszidua
vosdayanltlunafoufazgnuaasnafiunududiouazuivuaainoazdon
lugadayalunihaansuaainavaslisunsamdslasiond Jayafidiuidran

a et 1 v
&1 ll’]iﬂ@i’l UATLALALRZLTU LL@NVL@




59

naanaanuldsunsanisdadsniies

asnnldsunsunsislaaeud lddanumannlunadoul deunazyinnaGou]

2] @

FedaaTaudanulusunsunsdadswiiasion SIRvuaauadd
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Filz | Connection Help

Eﬂﬂ 4.8 umInsasdanuldsunsunisdadswines

. a:ﬂiwngndaﬂﬁmamﬁaLﬁanmiL%‘au@iaﬁ‘uiﬂﬂmwmarﬁaL%%WL@@? éﬁgﬂﬁ
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Server Connection ﬂ

Connect bo CUMiner Server

" The server is run on this machine

% The server is in another machine:

Serwver IP: I

( 2 )
Awailable
SErver: @
O
(|

Find Server | @

Login: |

Password; I

Canneck I

Eﬂﬁ 4.9 naadldnauinaandanulysunsunsdadsnines
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¢ gnvimiony ddasmauniannsiouiiu natlu Cancel (4)
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File Conrection Help

Server Connection
Recaords Mine Dakta |

Stabus:  Connected
IP: 127.0.0.1
Port; 2545 Algorithms

Selected Attributes

Cance|

Select Algorithm: | Decision Trees ( ) 'I( )Optlons... |

age
sex

Classification

on thyroxine

query on thyroxine
on antithyroid medication
sick.

preqgnant

thyroid surgery
1131 treatment
query by pothyroid
query hyperthyraid
lithiumm

qoitre

tumor
hypopituitary

psyc
TSH measured =l
Trained Data

Select the result to delete then
dlick on the button,

16:409] Raw Tree (3
16:49] Pruned Trex )

Classifier Accuracy

100 %
Murnber Tested: 972
50w Mumber Correct: 967
Percent Correct: 99,49 %
0%
Visualization

Invoke Yisualizer

Enter walues and click on the
butkon ko ses the resulk,

Classify |

age
sex

on thyroxine

query on thyroxine
on antithyroid me. .
sick.

pregnant

thyroid surgery
1131 breatment
query hypothyraid
query hyper...

lithiurn

s

16:44:13; Already connected to the server

164413 Connect to 127.0.0.1 on server's pork 2545

164553 Sending data to server. ..
16:48:59: Learning decision trees. ..
16:49:03: Learning decision trees Finished

Delete the result | |
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qmamﬁ'&?} Case1 Case2 Case3 Case4
age 41 23 46 70
sex F F M F
on thyroxine f f f t
query on thyroxine f f f f
on antithyroid medication f f f f
sick f f f f
pregnant f f f f
thyroid surgery f f f f
1131 treatment f f f f
query hypothyroid f f f f
query hyperthyroid f f f f
lithium f f f f
goitre f f f f
tumor f f f f
hypopituitary f f f f
psych f f f f
TSH measured t t t t
TSH 1.3 4.1 0.98 0.16
T3 measured t t f t
T3 2.5 2 ? 1.9
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TT4 measured

TT4 125 102 109 175
T4U measured t f t f
T4U 1.14 ? 0.91 ?
FTI measured t f t f
FTI 109 ? 120 ?
TBG measured f f f f
TBG ? ? ? ?
referral source SVHC other other other
diagnosis negative negative negative negative
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hypothyroid, primary hypothyroid, compensated hypothyroid, secondary hypothyroid, negative

age:
sex:
on thyroxine:

query on thyroxine:

on antithyroid medication:

sick:

pregnant:
thyroid surgery:
1131 treatment:
query hypothyroid:
query hyperthyroid:
lithium:

goitre:

tumor:
hypopituitary:
psych:

TSH measured:
TSH:

T3 measured:
T3:

TT4 measured:
TT4:

T4U measured:
T4U:

FTI measured:
FTI:

TBG measured:
TBG:

referral source:

continuous
M, F

f, t

f, t

f, t

f, t

f, t

f, t

f, t

f, t

f, t

f, t

f, t

f, t

f, t

f, t

f, t
continuous
f, t
continuous
f, t
continuous
f, t
continuous
f, t
continuous
f, t
continuous

WEST, STMW, SVHC, SVI, SVHD, other
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wIsanine | naedunanomauazlignarwdhanaunszniauurania
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o ganwifian auldun |, 0 uer v dagluBevasiqmuantd Sududad
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dmatgduuutayalulnddayanisFoufidudsasen 43 drudsit @n

hypothyroid.data)

AN319N 4.3 é’aasjnvlwgﬁayamsﬁwﬁ

41,F 1565565 611f,1,1,1,1.3,,2.5,1,125,t,1.14,t,109,f,?,SVHC,negative.
23,F f,16,6 561 6616,11,f,1,4.1,1,2,1102,f,7,f,2,f,?,0ther,negative.

46,M.f 111,511 1,f,ffff10.98,f7,:109,0.91,t,120,f,?,other,negative.
70,F .51, 1,661 fff,fft0.16,1,1.9,t,175f,?.f,7 f,?,0ther,negative.

70,F f.f,f.f,f,ffffffff10.721.261,0.87,70,f,?,SVI,negative.
18,F,t.f,f.f,f,f,1,6,1,f,1,f,f10.03,f72,.183,t,1.3,t,141.f,?,0ther,negative.
59,F f,f.f,fff1ff1611f72,f721t72,40.92,4,78,f,?,0ther,negative.

80,F f,f.f.ffffffffffft22t0.6,80,0.7,t115;f72,SVI,negative.

66,F f,f.f.fffffffftfft0.6.12.211230.93,,132f,?,SVI,negative.
68,M,f,f,f.f,fffffffffft2.4,11.6,83,:0.89.93f?SVIl,negative.
84,F ffffff1f1f1f11.112.21%11510.95,121,f,?,SVI,negative.

67,F t.f.f,ff 111 f,ffft0.03,f,71152,10.99,t153,f,7,0ther,negative.

IndayanltlumaSouimunsnainsldanlsunsy Microsoft Excel (aaigulusi/fi
4.13) udndenmstufinliegluguuuulng csv anuuwdiainsfoumuanadu data

azv‘iﬂﬁlﬁgﬂl,l,uuvl,w Sonufidasny

A|B|C|D[E|F|GIH|I|[J|K|L|M[N|O|P|[Q|R|S[T|U|V|W]|¥X|Y]|Z|AAAB AC | AD |AE| .
1041 F f f f f f f f f f f f f f f t 13 t 26 t 125 t 11 t 109 f ?  SVHC negative.
(2|23 F [ f | f | f[f [ f | f[f[f|f & |f|[f|[f|t|41] |2 t 02§ 7| f|?|7f]|?| other | negative.
(5|46 (M| f | f [ F[f[f | f[f[f|f f|fF[f[f|t[1[f|? t109 |08 t[120 77| other | negative.
470 F t f f f f f f f f f f f f f t. 021t 19t 175 f 2 f ? f 7 other negative.
6070 F  f ¢ f f f f f f f f f f f f t07 t 12 t B t 08 t 70 f ? SV  negative.
(6|18 F |t | f|f | f|F|f F|F|f|F f|F|[F|f|t|0|f|? t183t |13 t[141] f | ? | ather | negative.
(7159 [ F [ f | f || f [ f ¢ [f[f|f & |f|[f|[f|f[?|[f|? t|72]t[08 t|78 17| other | negative.
8|80 F f f f f f f f f f f f f f f t 22t 06t 80 t 07 t 115 f ? SVl | negative.
(@ l6m F f ff f f f f f f f § t f f t0F t 22 1123 t 09 1t 132 f ? SV  negative
0068 M f ff f f f f f f f f f | f f t 24 t 16 t B3 t 08 t 93 f 7 SV  negatie.
(A1 | F [ £ f || f[f|[f | f[f[f|f & |t|f|f|t[14]¢t|22 t 115 t |11t [121]F] 7| SV | negative.
12|67 F t f f f f f f f f f f f f f t 0O f 7 t 15 t 1 t 153 f ?  other negative.
1371 F  f f f t f f f f t f f f f f t 0 t 38t 171 t 11 t 181 f ?  other negative.
(14089 F  f ff f f f f f f f f f | f f t 28 t 17 t 97 t 08 t 107 f ? SV  negative.
(45|28 (M| £ F | £ f | F | f|F|f|F f|f|f|f|t|3a t|1a t 109 t 08 t[119) f | ? | SVHC | negative.
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17|65 F  f f f f f f f t f f f f f f t 12 f ? 1 99 t 11 t 8 f ?  other nsated hypothyroid
8042 7 f fFf f f f f f f f i f f f t 12 t 18 t 70t 09 t &1 f ? other  negative
[18e3 F f Ff ff ff ff f £ f f f t 156t 12 t 17 t 1 t 121 § 2 [SV ] negatie.
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2128 M £ Ff f f f f f f f f f f t t 21t 26 t 121 t 08 t 130 f  ? SVHC negative.
12251 F t  f f f f f f f f f f f f f t. 01 f 7 t 130 t 08 t 1581 f  ?  other negative.
23046 M f ff f f f f f f f f f | f f t D& t 21 t 108 t 09 t 119 f ?  other negative.
(24|61 (M| f | F | f | F | F | F | F|fF f|f|f|f|t[19 t|0a t102t|1]1t[106f|?| SVl | negative.
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0 FALLEAELEALEEEEE 0582 2412447137 495,47 ETMW, negative. |
2 FALLL AL L LA 0,254 2 6.410541.05,4700.£7 S TMMW. negative.
BEMALELLLLEELLEEALLE 72 30 100.41.07.480.4 7,5V negative.

47 FALLLLLLELLEEELL 20 1.0130.4.0.88,4 148,47, 5. negative.
BOMALLLLLEALEEREE80.634254105.41.01.4104.47, other.negative.

B FALLLLELELELELEET. 2825413341 16.41168 7. ather negative.

BB F AL L 201 45480784701 7, other.negative.

sAFPELLEEELEEEEEEET 341 3411140 9241207 S‘v’l negative.

1 B,F,f,f,f,f,tf,f,f,f,f,f,t,f,f,t,D.BH,t,E.E,t,EB,U JBLEE L7 ST negative. —
BAMELLLLLELLEEALEL0. T4 414578747, 8V negative.

A9, F AL E PR Y L Y £ 7 L Y othernegative.
FFALLLLELL AL AL 298 26411841194 9947, ather.negative.
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o CiDocuments a..dallhypo.kest N
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psych Tatal Claslses: 5 O sex M,F
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Cariti 8
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i N [= E s
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referral source negative 0 fthium ft
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]
23:51:00;
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Delete the result I

23:51:00; Working on data set
23:51:00; Reading data...
23:51:00: Reading data Finished
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Class Summary | Error Summary  Rule Summary |

Node | Tatalc.. [ Totaler... | % cases | % errars | Rule \1 ) -
‘Leafﬂ 2498.41 2.00 §9.23 23,15 TSH <=6 -» negative
@Leafl 4,33 0.00 0.15 0,00  T5H = 6,FTI <= 64,T5H measured = f - negative
&LeafZ 358,75 0,00 1,38 0,00  T5H = 6,FTI = 64,0n thyroxine =t -= negative
%LeafS 4,96 1.89 0.18 21.89 T5H = 6,FTI <= 64,T5H measured = £, T4 measured = f -2
‘, Leaf4 24,27 0.00 0.87 0,00  T5H = 6,FTI = 64,0n thyroxine =, TSHmeasured =F -= m
@Leafs 6.76 0.00 0.24 0,00  T5H = 6,FTI = 64,0n thyroxine = f, TSH measured =t thyroi
ﬁ Leafé 54,78 0.00 1.96 0.00  TSH = 6,FTI <= &4,T5H measured = £, T4Ll measured = t,tht_|
'-f_A.Leaf? 322 1.22 0.1z 14,14  T5H = 6,FTI <= 64,TSH measured = £, T4l measured = t,th
‘Leafﬁ 200 0.00 0.07 0,00  T5H = 6,FTI <= 64,T5H measured = £, T4U measured = t,th
@,Leafg 200 0.00 0.07 0,00  T5H = 6,FTI <= 64,T5H measured = £, T4U measured = t,th
r(?l raf1n 587 1.53 n.14 17.A7  T5H = A.FTT = ﬁ4.nn|rhwnxinﬁ =F.T5H measired = b o T
4 3
Rule: tems: Errars:
IFTSH <=6 |
THEM niegative 2800.00 64
uTotaI Ttermns 2541 El'otal Errors
u\lode Iterns [Elode Errors

Leaf13 |_I
[
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Wiew Help
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0.249317326
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wage increas,.,
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Il Naive Bayes Visualizer x|
Ele Wiew Help

@ - Number of values: 4 j
ecCO

1.000 1.020 2.020
1.010 2.010 2.010

wage increase first year - Number of values: 7

ecceeced

2.000- 2.002 - 2.802 - 2.002- 2.502- 4.002 -
2.001 2.801 3.001 3.501 4,001 6901

wage increase second year - Number of values: 6

Attribute Properties ————————————  Attribute Value Properties —— ¢j3aq | Count |—
Name: duration Name: 2,020 - 3.010 mm good 8(61.54 %)

=1 bad 5 (38,46 %)
Continuous Count: 13
Unknown value cou
1(2.50 %)
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\§anTuns View > Legend azU3Ingniineng Legend Uuun 61331/ 4.38

nganayaNad

31 4.38 wihdnsuaastanguvaddeng o

1. 1R8NNI View > Zoom

2. Lﬁaﬂ"umﬂﬁﬁaomimﬂ 50% - 150%
(g}gﬂﬁ 4.39 Uvznay)

[ aive Bayes Vissalizer

[

duration - Number of values: 4

20O

wage increase first year - Number of values: 7

e rrececcO

7 3000 2602 3802 3.002 3301 4.802

wage increxse second year - Number of values: &

c (= 1 1
-
T 2000 2302 3.002 4002 5.002

wage increase third year - Number of values: 3

-0

7 3000 2302

cost of living adjustment - Number of values: 4

CCo™

Atirbute Propertes. Atirbute Value Properties
Name: duraton Mame: 3.000 - 3.010
Type:  Conbrucus Count: 13(32.50 %)
Urikneramy vk count:

1(2.50%)
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[ E3|
duratien - Number of values: 4 ) |
v 1,000 - 1,018 1,020 - 2.010
wage increase first year - Number of values: 7
— - — =
=l < i
Airbute Fropertes. Attrbute Value Propertes =
. oo AL ame: draton Mame: 2.020 - 1.010 B51.54 %]
= bad 509896 %) Tyoe:  Conbrusus Connil: 13(32.50 %) 5 (3.4 %)
Urkrermm vahue count:
1(2.50%)

gﬂﬁ' 4.39 (F18) VN8 50%, (2121) V8 150%
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g‘ﬂﬁ 4.41 U9

Rule Yisualizer

Fale Summary I

™ Use attItem Mo. Sart by:
aktItem | Iterm Name( 1 Mo, | antecedent | Consequent | Suppark | Confidence |
1 Al=A 1 {AZ=C, A4=T, AS=W]} {A1=A} 0.50 1.00
2 Al=nota 2 {Al=A, A4=T, AS='W} {az=Ct 0.50 1.00
3 a2=C 3 {al=A, AZ=C, A=W} 184=T} 0.50 0.75
4 AZ=nat 4 {al=A, AZ=C, A4=T} 1A=} 0.50 1.00
5 A3=Dr 5 {Ad=T, A5=W} {a1=4, Az=CH 0.50 1.00
6 A3=natD 6 {a2=C, a4=T} {a1=4, A5="W} 0.50 0,75
7 A4=T 7 {a1=p, A5=w} {az=C, A4=T} 0.50 0.75
g Ad4=naotT g {al=p, ad4=T} {az2=C, A5="w} 0.50 1.00
el A= a {al=h, n2=C} {Ad4=T, AS=W} 0.50 0.75
10 {A4=T} {A1=A, AZ=C, AS='W} 0.50 0.75
11 {Al=A} {A2=C, A4=T, AS="W} 0.50 0.73
1z {A3=0, AS=W} {p2=C} 0.50 1.00
13 {aZ=C, A3=D} 1A=} 0.50 0.75
14 {A3=D} 1a2=0C, AS=W} 0.50 0.75
15 {AZ=C, AS='W} {a1=A} 0.67 0.80
16 {Al=A, AS='W} {az=C 0.67 1.00
17 {al=a, Az=C) {AS=W} 0.67 1.00
18 {aS=WwW} {al=4, AZ=CF 0.67 0.80
19 {al=a} {82=0C, A5="W} 0.67 1.00
20 {as=wl {az=Ct 0.83 1.00
21 {az=C} {a5="41 0.83 0.83
2 {ad4=T} {az=Ch 0.67 1.00
23 {a3=0} {az=Ch 0.67 1.00
KN

gﬂﬁ 4.41 gauilsznauend 9 vadninge
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dlfmusaidenlinganuduiusinsusasnagduuudaldlasadniindasifia Use
Attltem No. @431/ 4.42 nganuduRuizluuudarlimuningnganudunusaiwing uas

- Qs 1 qzﬂ‘/ J { e et 1 Qs Qs 1
npanuFuNUTaIuHa laniaau lunsdiinganuduiussiwmg uasnganuiunuiain
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Rule ¥isualizer ' x|

Rule Summary |

Sort by IRuIe Mo, j
AkEItem | Item Mame Mo, | Antecedent | Conseguent | Support | Confidence |
1 Al=4 0] {3, 7, 9 i1k 0.50 1.00
2 Al=nots 1 i1, 7,9} §3r 0.50 1.00
3 az=C 2 41,3, 9 {7t 0.50 0.75
4 AZ=notc 3 41,37 1ot 0.50 1.00
5 A3=D 4 {7, 9 11, 3 0.50 1.00
3 A3=natD 5 {3, 7 1,9 0.50 0.75
7 A4=T =] i1, 9+ 13, 7+ 0.50 0.79
g Ad=natT 7L 13, 9t 0.50 1.00
g A=W 8 {13 17,9 0.50 0.75
g {7 1,39 0.50 0.75
mn 41 13,7, 9 0.50 0.75
11 45, 9+ 13 0.50 1.00
12 {35t {at 0.50 0.75
13 {5t 13, 9t 0.50 0.75
14 43,9 1 0.67 0.80
15 41,9 13 0.67 1.00
16 i1, 3+ 49+ 0.67 1.00
17 {9} i1, 34 0.67 0.50
13 {1} 13, 9t 0.67 1.00
19 4ot 13 0.83 1.00
20 {3 1o 0.83 0.83
21 17 13 0.67 1.00
22 {5+ 13 0.67 1.00
JCN IR

U7 4.42 npanuduiusIULULLe
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npanuFNNUINuaaInaatluaaunInTssdaulaslddnaglundazng
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¢ RNLAVVBINYANNFNN®S LT 11I0TeIdaunganuFuRuTaI
WUNLLATTBINYANVRUAN U b baslion Rule No. finsasaawuly azvilwng
ANUFINUIINIEIAIRINsIaTTaIN ANNFNRUTINae 1N
13 @ o o ¢ = @ 0% a o o
o Swmlamalunganaduinsamiiduwimg  gldausndoesaung
anusunuiauiwnladiulunganuduiusduidung  ldlasidan
#Antecedent findasnanly wzlinganudunusgnisoinuiuwinlamislu
v o &, P @
npanusinussuidwmantesllinn
° < o o & A & @ a o
+ Swmlamalunganudanwsdiuiiuwaa dldaumisvidiaung
v o ¢ o = L ) a = A
anusunwtaruiwanloialunganusunutainniuns  ldlasifen
a_ o 9 v v o & a o =
#Consequent findasaanly azvhlinganuduiuignEssaaimnladislu
o o &, P v
nganuauRnsEuidunsaniagllunn
¢ aranuauk glimanindeshaungenusuiusaudaivauw ldlasden
Support Value Aingadnaly a:ﬁﬂﬁngmmé’wﬂ'ufgm’%mmaﬁumgumﬂﬁaﬂ
Tdann
' { o v = 0o “ o & ' A 4
¢ @anadaan limunEpiddunganuiunuiaudianuisons lalay
A i A o 'Y v o g a :
\§an Confidence Value findasaanly azvilinganuduiuigniosanuen

anuaNuantasluun a931l7 4.43

Rule Yisualizer x|

Rule Summary |

I~ Use AttTtem Mo, Sort by: | SSECREIE

AttItem | Item Name o, | Antecedent | consequent | support [ confidence
T A=A {A2=C, A4=T, AS=W} {A1=A} 0.50 100
Al=noth {14, Ad=T, AS=W} {no=c} 0.50 100

0
1 a4
2 AZ=C, AS=} {a4=T} 0.50 0.7s
3 Az=C, A4=T} {n5=t} 0.50 100
A3=D 4 {Ad=T, AS=W} {n1=A, A2=C} 0.50 1.00
5
6
7
8

{az=C, ad4=T} {a1=A, AS=\} 0.50 n.7s
{a1=4, AS=W} {a2=C, Ad=T} 0.50 0.75
{a1=A, A4=T} {2=C, AS=w} 0.50 1.00

R S, R

{a1=a, Az=C} {ad=T, AS=ur} 0.50 0.7s
9 4md=T} {n1=A, Az=C, AS=W} 050 075
10 4al=a} {a2=C, A4=T, A=t} 0.50 075
11 {A3=D, AS=W} {az=C} 0.50 1.00
1z 4Az=C, A3=D} {n5=tw} 050 075
13 | {A3=D} {nz=C, A=W} 0.50 075
14 {A2=C, AS=W} {a1=a} 0.67 0.80
{p2=C} 0,67 100
16 {Al=A, AZ=CH {a5=ti} 0.67 1.00
17 {AS=M {b1=A, AZ=C} 0.67 0.80
18 {Al=A} {B2=C, A=W} 0.67 1.00
21 {pa=Th {nz=C} 0.67 1.00
2z {a3=D} {az=C} 0.67 1.00
19 {AS=M} {az=C} 0.83 1.00
20 {pe=C) {a5=ti} 0.83 0.83

| —|

P v o &a o o ' @
Eﬂﬂ 4.43 ﬂgﬂ'.]’mﬂ&JW%ﬁLiUGﬂ’]@U@I’mﬂ’]ﬁuual&u
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Rule Detail |

Ta. | Antecedent | Cansequent Support | Confidence |

g8 4al=A, Az=Ch Q {A4=T, AS="W} 0,50 0.75
1

Suppork View:
@ E.00

2,00

00

| Total JA1=A,A2=C A4=T AS=1T JAE=T |
L 3

Confidence Wiew:

PO

.00
2,00

Total J51=AAe=C A4=T AE="T J51=5, A7=CF

A o a \ v o ¢
Eﬂ'ﬂ 4.44 V\uﬂﬁlE]Llﬁ(ﬂﬂi']Uﬂ$Laﬂ@luu(ﬂazﬂgﬂ?q&]ﬁ“wuﬁ
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Classify @931/71 4.45 IﬂiLmimw‘hmiLLmLLﬂ:ﬂTaHaﬁﬂauLiﬂﬂ WIDUTILFAINADANKT (9
3171 4.46 taznay)

& cuMiner — =] x|
File Connection Help
Server Connection -
Status:  Connected Records  MineData I
IP: 127.0.0.1
Part: 2545 Algorithms
. Trai
Selected Attributes Select Algorithm: IDecision Trees j Options. .. |
e = Canicel |
SEX Classifier Accuracy Classification
on thyroxine
query on thyroxine Enter values and click on the )
an antithyroid medication 100 % e e e Has remul: Classify
sick, Mumber Tested: 972 1
pregnant B -
thyraid surgery 50 o Mumnber Correct: 967 Ete
3
1131 treatment sex F
. Percent Correct: 99,49 9%
query hypothyrold i on thyroxing f
query hyperthyroid
likhium 0 % query on thyroxine
tgoitre on ankithyroid me... F
umor
hypopituitary sick, f
psyel reqnant f
TSH measured LI el
Trained Data thyroid surgery f
visualization 1131 treatment f
Raw Tree (allh .
Pruned Tree {allhyvpo) query hypothyroid — F
Invioke Yisualizer | query hyper... F
lihiiurm f LI
16:38:29: Reading data... ;I
16:38:29: Reading data finished
Select the result to delete then L6:38:3 1 SB”d"?g data_ t.':' ElSRE oo
click on the Button. 16:38:36: Learning decision trees, .,
16:38:38: Learning decision trees finished ||
Delete the resul: | hd
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()

Classified Resul: \ 2 }

The most likely class is 'compensated hypothyroid'
Mote: Bar height is relative to the maximum,

Probability

Class

hupothyraid  primary hypothyrcompensated hypoathsecondary hypathyraid negative

Selected attributes @ Detailed result @
Attribute I Walue :I Class I Counk I Frobahility I
age 6.0 — hrypothryraid 1] 0.0
SEX F primary bypothyroid ] 0.0
on Ehyroxine f compensated hypothyroid 154 0,993
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