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Abstract: This paper presents Thai—English transliterated word encoding for
cross—language retrieval system using backpropagation neural networks. By
successively feeding each character of the word along with its eight
neighboring (preceding and following) characters as the network inputs, we
can obtain a sequence of phonetic codes of the word from the network output.
The codes are approximately matched (with allowable edit distance of one)
during retrieval. The system can be used in both Thai—to—English and English—
to—Thai transliterated words. Experimental results using K-fold cross
validation technique showed that a high Fl-measure (which is an average of
precision and recall measurements) of more than 80% can be achieved.

Key words: Information retrieval, Cross-language, Backpropagation neural
network, Transliterated word
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